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Abstract: This case study examines the organizational, operational, and ethical
challenges Ancon Technologies faced during its digital transformation when
implementing an artificial intelligence (Al)-driven applicant screening system.
In particular, the study focuses on how this company's reliance on keyword
matching and historical hiring data unintentionally excluded highly qualified
candidates, delayed the filling of critical research positions, and weakened its
ability to compete for them within the biotechnology industry. The objective of
the research is to identify the design, governance, and oversight improvements
needed to better align Al-enabled recruitment systems with organizational
talent acquisition goals. A qualitative, literature-based case study methodology
was used to analyze the problem within its strategic and technological context.
A secondary research approach was used to inform the analysis, drawing from
one peer-reviewed journal article, scholarly books, and academic literature on
digital transformation, artificial intelligence in recruitment, ethical governance,
and change management. Using the Strategic Alignment Model, Digital
Transformation Theory, and Kotter's Eight-Step Change Model, the study
identifies and addresses the root causes of recruitment failure. There is a
growing body of evidence showing that misalignment among algorithm design,
training data, governance practices, and workforce needs can compromise the
effectiveness of recruitment and the effectiveness of an organization. The case
highlights that overreliance on automated decision-making without sufficient
human oversight increases the risk of bias, exclusion, and poor hiring
outcomes. The study concludes that organizations can improve Al-driven
recruitment by broadening evaluation criteria, updating training data,
strengthening governance frameworks, and embedding human judgment into
decision-making processes. This study demonstrates the importance of aligning
technology, ethics, and strategy to support fair, effective, and sustainable talent
acquisition through the responsible implementation of Al
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Introduction
Key Concepts

Several key concepts are defined as they are used throughout this study. Digital
transformation is the integration of digital technologies into organizational processes,
reshaping operations, culture, and value delivery to improve efficiency, innovation, and
competitiveness in rapidly changing environments (Ghosh et al., 2022). Artificial
intelligence refers to computer systems designed to perform tasks that require human
intelligence, including learning, reasoning, problem-solving, and decision-making, using
data-driven algorithms and models (Huang et al., 2022). Al-driven recruitment denotes the
use of Al tools to automate and enhance hiring processes, including sourcing, screening,
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and evaluating candidates, thereby improving efficiency, consistency, and the accuracy of
decision-making (Mujtaba & Mahapatra, 2024). Talent acquisition is understood as the
strategic process of identifying, attracting, and hiring skilled individuals to meet
organizational needs, support long-term goals, and build a competitive workforce (Albert,
2019). Ethical governance involves establishing policies, standards, and oversight
mechanisms to ensure organizational decisions, including technology use, are fair,
transparent, accountable, and aligned with ethical principles (Xue & Pang, 2022). Closely
related, human oversight refers to the active involvement of people in monitoring,
evaluating, and guiding automated systems to ensure decisions remain accurate, fair, and
aligned with organizational and ethical standards (Holzinger et al., 2025). Finally,
algorithmic bias occurs when automated systems produce unfair or discriminatory
outcomes due to biased data, flawed design, or incorrect assumptions embedded in the
algorithm’s decision-making processes (Akter et al., 2022).

Context and Research Focus

In an increasingly competitive and rapidly evolving market, digital transformation has
become a strategic priority for organizations seeking to enhance operational efficiency,
improve decision-making, and sustain long-term competitiveness. To manage complex
business functions, organizations are investing in advanced technologies, including artificial
intelligence (AI), machine learning, and large language models, to automate processes and
improve performance (Olan et al., 2022). Among these applications, Al-driven recruitment
systems are widely adopted to manage large applicant pools, reduce administrative costs,
and accelerate hiring timelines (Akter et al., 2022).

While these technologies offer significant benefits, existing research highlights
important limitations in both implementation and understanding, as many studies rely on
conceptual models or secondary data, thereby limiting empirical validation in real-world
organizational settings and reducing generalizability across industries, particularly in
specialized sectors such as biotechnology (Akter et al., 2022). Furthermore, research tends
to emphasize efficiency gains while overlooking unintended consequences, including
algorithmic bias, candidate exclusion, and long-term workforce implications. Limited
longitudinal research also constrains understanding of how Al recruitment systems perform
as labor markets and skill requirements in the biotechnology industry evolve (Akter et al.,
2022). Additionally, current literature often treats Al systems as static tools, overlooking the
dynamic interaction between technology, human decision-makers, and organizational
culture (Xue & Pang, 2022). Governance and ethical considerations are frequently
addressed at a high level, with insufficient practical guidance for implementation,
monitoring, and accountability (Xue & Pang, 2022). These gaps underscore the need for
stronger alignment between technology design, organizational strategy, and ethical
governance (Xue & Pang, 2022). As demonstrated by Ancon Technologies, inadequate
oversight and flawed algorithm design can lead to the exclusion of qualified candidates,
underscoring the importance of responsible Al implementation and human oversight to
achieve effective and equitable recruitment outcomes (Lu et al., 2024).

Background

Ancon Technologies, based in Des Moines, lowa, is undergoing a rapid digital
transformation as it expands internationally and responds to growing demand for
specialized research capabilities in the biotechnology industry (Atianashie et al., 2021). To
remain competitive, the organization adopted advanced technologies designed to improve
operational efficiency, support innovation, and strengthen talent acquisition (Prasanth et al.,
2023). In order to help the company manage increasing volumes of applications and reduce
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recruitment costs associated with traditional hiring processes, the company implemented an
artificial intelligence (AI)-driven applicant screening system in 2023 as part of the initiative
(Olan et al., 2022). According to the leadership, automation was expected to streamline
recruitment operations, accelerate hiring timelines, and increase consistency in candidate
evaluations, thereby reducing the need for large human resources recruiting teams and
creating efficiencies in the recruitment process (Porlezza, 2022).

According to the system, resumes were evaluated by identifying keywords related to
the required qualifications and comparing candidate information with historical hiring data
to determine which candidates would be recommended to hiring managers (Olan et al.,
2022). However, several weeks after its implementation, department leaders reported that
far fewer candidates were reaching the interview stage, even for positions that were already
experiencing persistent staffing shortages (Olan et al., 2022).

A recent internal audit has revealed that the algorithm relied heavily on narrow
keyword matching and historical hiring patterns that did not reflect the evolving career
paths in the biotechnology industry (Porlezza, 2023). As a result, highly qualified applicants
with interdisciplinary experience, regulatory knowledge, and transferable laboratory skills
were frequently excluded from consideration (Devianto, 2022). Competitors recruited
valuable talent due to these limitations, thereby delaying the hiring of critical research and
development staff (Porlezza, 2023). This case illustrates how misalignment among
algorithm design, training data, and governance oversight can undermine organizational
goals, underscoring the importance of Al governance and stronger alignment between
technology and workforce strategies during digital transformation initiatives (Porlezza,
2023).

Problem Statement

Although these technological advancements improve efficiency and help organizations
manage large candidate pools, a growing body of research suggests that poorly governed
algorithms can be biased and unintentionally exclude qualified candidates (Alshahrani et al.,
2022). This challenge is illustrated by Ancon Technologies' experience, which implemented
an Al-driven applicant screening system based on keyword matching and historical hiring
data, resulting in the rejection of highly qualified candidates (Alshahrani et al., 2025).

Consequently, critical research positions remained unfilled while competitors
recruited valuable talent. As a result of these factors, key research positions remained
unfilled while competitors secured top talent. To prevent these gaps, organizations must
strengthen oversight of Al-driven hiring systems, refine algorithm design, and implement
more robust governance frameworks (Alshahrani et al., 2025). These improvements help
ensure that automated recruitment processes are fair, accurate, and aligned with
organizational needs (Tursunbayeva et al., 2022).

Companies such as Ancon Technologies can remain competitive in attracting highly
skilled professionals by strengthening human involvement and accountability in Al-
enhanced recruitment processes. To ensure fairness, accuracy, and alignment with
organizational goals, advanced technologies must be used in combination with thoughtful
human oversight. Relying solely on automated systems can lead to missed opportunities
and overlooked talent. By integrating technology with human judgment in a balanced
manner, decision-making and candidate selection can be enhanced. Ultimately, combining
innovation with responsible governance supports effective talent acquisition and contributes
to sustained workforce success (Tursunbayeva et al., 2022).

Purpose and Significance Statement

The purpose of this case study is to identify design and governance improvements that will
better align the technology with the organization's talent acquisition objectives (Dwivedi et
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al., 2021). This study analyzes the operational, strategic, and ethical challenges associated
with Ancon Technologies' implementation of an artificial intelligence-driven applicant
screening system (Dwivedi et al., 2021). As organizations increasingly adopt Al-enhanced
tools to improve efficiency and decision-making, automated recruitment systems are widely
used to manage large applicant pools and reduce administrative resources (Devianto, 2022).
When the evaluation criteria fail to reflect evolving industry requirements and diverse
professional experiences, poorly designed algorithms and misaligned training data may
unintentionally exclude highly qualified candidates (Dwivedi et al., 2021).

This study analyzes how Ancon Technologies’ reliance on narrow keyword matching
and historical hiring data led to the systematic rejection of highly qualified applicants and
delays in filling critical research and development roles (Halim et al., 2023). By
strengthening oversight frameworks, validating models, and integrating human judgment
into automated decision-making processes, it is possible to improve Al-driven recruitment
systems. This can be achieved by examining the relationship between algorithm design,
training data, and governance mechanisms (Dwivedi et al., 2021; Halim et al., 2023).

The significance of this case lies in its implications for the responsible
implementation of Al in organizational decision-making, particularly in talent acquisition
(Dwivedi et al., 2021; Halim et al., 2023). As organizations increasingly rely on Al-driven
systems to improve efficiency and manage large volumes of data, the risks associated with
poorly governed algorithms, biased training data, and limited human oversight become
more significant because research indicates that when Al systems are not properly designed
or properly monitored by humans, like in the case of Ancon Technologies they may
unintentionally exclude qualified candidates, reinforce historical biases, or produce
inaccurate outcomes that undermine the overarching organizational objectives (Dwivedi et
al.,, 2021; Kraus et al., 2021). Without improved governance and transparency, Ancon
Technologies risks continuing staffing shortages, reduced productivity, and reputational or
regulatory challenges (Enes, 2024). Strengthening oversight and accountability can help
ensure that digital transformation initiatives support effective talent acquisition and
sustainable organizational performance (Halim et al., 2023).

Literature review
The Goal of Digital Transformation

The primary goal of Al in digital transformation is to improve organizational efficiency and
enhance decision-making while helping organizations adapt to rapidly changing
environments (Baslyman, 2022). Al-enhanced technologies can streamline processes,
strengthen communication, and expand access to large volumes of information and services
across organizations (Rubio-Andres et al., 2025). However, research shows that successful
adoption of Al-enhanced systems depends on more than technological capability alone, as
trust, user readiness, and ethical governance are critical factors influencing whether Al
systems achieve their intended outcomes (Qiao et al., 2024).

Concerns about reliability, privacy, security, job stability, and overreliance on
technology may limit acceptance and weaken the effectiveness of Al-enhanced initiatives,
as excessive dependence on automated systems can reduce human interaction and create
uncertainty about fairness and accountability (Rubio-Andres et al., 2025; Qiao et al., 2024).
Therefore, organizations like Ancon Technologies must implement Al-enhanced systems in
ways that incorporate human oversight, protect employee well-being, and maintain ethical
governance and transparency to ensure that digital transformation initiatives deliver
sustainable organizational benefits (Qiao et al., 2024).
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Impact on the prospective candidate

The primary goal of Al in digital transformation is to improve efficiency and enhance
decision-making while assisting organizations like Ancon Technologies to adapt to rapidly
changing environments because research shows that Al-enhanced technologies can
streamline organizational processes, strengthen communication, and expand access to
information and services, while enabling organizations to operate more effectively in the
evolving digital market environment (Rubio-Andres et al., 2025). However, successful Al
adoption depends on more than technical capability alone; studies emphasize that trust, user
readiness, and ethical governance are critical to whether Al systems achieve their intended
benefits (Dwivedi et al., 2021; Kraus et al., 2021).

Finally, concerns about reliability, privacy, security, and job stability can reduce
acceptance and weaken outcomes if not properly addressed (Dwivedi et al., 2021; Kraus et
al.,, 2021). Implementation should prioritize transparency, human oversight, and ethical
design to ensure that digital transformation supports organizational performance while
protecting stakeholder trust and well-being (Qiao et al., 2024).

Impact on the Hiring Manager

Al-enhanced systems are rapidly reshaping the recruitment landscape by enabling hiring
managers to sift through large volumes of data and make faster, more data-driven decisions
(Deepa et al., 2024). Al-enhanced tools support resume screening, predictive analytics,
candidate sourcing, and applicant assessment, allowing organizations to process large
volumes of applications while reducing administrative workload and accelerating hiring
timelines (Krishnan et al., 2024). These capabilities, if implemented correctly, can improve
efficiency and consistency in human resource service delivery by providing structured
insights to support more informed decision-making (Bhatt, 2023; Krishnan et al., 2024).
However, research emphasizes that Al should complement rather than replace human
judgment, particularly in complex hiring decisions involving candidate fit, interpersonal
dynamics, and ethical considerations (Krishnan et al., 2024).

Companies like Ancon Technologies’ over-reliance on automated systems enables
them to overlook critical contextual information that reinforces biases embedded in training
data (Bhatt, 2023). By critically evaluating algorithmic recommendations, hiring managers
can ensure that Al-assisted decisions align with fairness standards, organizational needs,
and long-term talent acquisition strategies, while adopting a balanced recruitment approach
in which Al-enhanced technologies serve as decision-support tools while human managers
maintain oversight and accountability (Bhatt, 2023).

Impact on the Organization

Al-enhanced recruitment significantly influences both talent acquisition outcomes because
it can improve recruitment efficiency by reducing time-to-hire, supporting résumé
screening, and enabling recruiters to focus on higher-value tasks that strengthen
organizational productivity and competitiveness, as these capabilities allow organizations to
manage large applicant pools while improving operational efficiency in hiring processes
(Alshahrani et al., 2025; Tursunbayeva et al., 2025).

Additionally, candidates often associate the use of Al-enhanced systems with
innovation and technological advancement, which can enhance perceptions of an
organization's attractiveness and modernity (Tursunbayeva, 2024). However, the impact of
Al-driven recruitment is not always entirely positive when Al systems analyze professional
or personal digital data collected online; some candidates may become cautious or reluctant
to apply, particularly individuals with specialized technical or engineering expertise
(Tursunbayeva, 2024). Therefore, organizations such as Ancon Technologies must
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implement transparent, ethical, and well-governed Al recruitment practices to maintain
employer credibility, protect candidate trust, and ensure effective, fair talent acquisition
outcomes (Alshahrani et al., 2025; Tursunbayeva et al., 2025).

Strategic Planning Model

The Strategic Alignment Model developed by Henderson & Venkatraman (1999) provides
an effective framework for addressing the recruitment challenges at Ancon Technologies
(Abou-Moghli, 2025). The model argues that organizations achieve stronger performance
when technology initiatives are aligned with business strategy, organizational processes,
and management structures (Ghonim et al., 2022; Audretsch & Belitski, 2022).

In this case, Ancon Technologies’ Al-driven screening system became misaligned
with its workforce needs because the technology prioritized narrow keyword matching and
historical hiring data over the broader competencies required for biotechnology roles
(Ghonim et al., 2022; Audretsch & Belitski, 2022). For Ancon Technologies, applying the
Strategic Alignment Model will assist in developing a comprehensive root cause analysis in
order to identify the root cause of the problem by evaluating four key components: business
strategy, IT strategy, organizational infrastructure, and IT infrastructure (Valaskova et al.,
2025; Tursunbayeva et al., 2022). This analysis shows that while Ancon Technologies
aimed to reduce recruiting costs and accelerate hiring, the system’s design did not support
evolving talent requirements (Valaskova et al., 2025; Tursunbayeva et al., 2022).
Realigning these elements can improve algorithm design, strengthen governance oversight,
and restore human involvement in hiring decisions, while providing an effective framework
for addressing the recruitment challenges at Ancon Technologies (Valaskova et al., 2025;
Tursunbayeva et al., 2022). The model argues that organizations achieve stronger
performance when technology initiatives are aligned with business strategy, organizational
processes, and management structures (Valaskova et al., 2025; Tursunbayeva et al., 2022).

In this case, the company’s Al-driven screening system became misaligned with its
overarching organizational need for highly qualified potential candidates; nevertheless, the
technology that was implemented was biased from its inception and prioritized narrow
keyword matching and historical hiring data over the broader competencies required for
qualified biotechnology roles (Ghonim et al., 2022; Audretsch & Belitski, 2022). Applying
the Strategic Alignment Model will help companies like Ancon Technologies to diagnose
the root cause of the problem by evaluating four key components: business strategy, IT
strategy, organizational infrastructure, and IT infrastructure (Valaskova et al., 2025;
Tursunbayeva et al., 2022). This analysis shows that while Ancon aimed to reduce
recruiting costs and accelerate hiring, the system’s design did not support evolving talent
requirements and caused the company to miss out on recruiting highly qualified candidates
(Ghonim et al., 2022; Audretsch & Belitski, 2022).

Focusing on aligning these elements can significantly improve the effectiveness of
Ancon Technologies’ Al-driven recruitment system by ensuring that technology initiatives
support the organization’s broader strategic and workforce objectives (Ghonim et al., 2022;
Audretsch & Belitski, 2022). When the overarching business strategy, IT strategy,
organizational infrastructure, and technological infrastructure are properly aligned,
organizations can design Al-enhanced systems to evaluate prospective candidates more
accurately and fairly (Ghonim et al., 2022; Audretsch & Belitski, 2022). In the case of
Ancon Technologies, this alignment would allow the organization to redesign the algorithm
to recognize a broader range of competencies, including interdisciplinary expertise,
regulatory knowledge, and transferable research skills commonly required in biotechnology
roles (Ghonim et al., 2022).
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Problem-Solving Model Application

Applying John Kotter’s Eight-Step Change Model provides a structured approach to
resolving the recruitment challenges facing Ancon Technologies (Kotter, 1996; Carreto,
2021). There has been an increase in recognition of Kotter's framework in recent years for
its ability to guide organizations through complex change initiatives, particularly in digital
transformation projects involving advanced technologies such as artificial intelligence
(Kotter, 1996; Carreto, 2021). Research indicates that successful Al adoption depends on
strong leadership commitment, transparent communication, and cross-functional
collaboration to ensure that technological systems align with organizational strategy and
operational needs (Varanda et al., 2024). It can be argued that this model was developed by
Baumann & Wu to address both the technological and organizational barriers that prevented
the Al-driven screening system from excluding qualified candidates in the case of Ancon
Technologies (Baumann & Wu, 2022).

Creating a sense of urgency by clearly communicating the risks of maintaining the
current Al recruitment system is the first step (Kotter, 1996; Carrefio, 2025). In light of
this, it is imperative that all executives, human resource leaders, and hiring managers are
aware of the fact that the algorithm relies heavily on keyword matching and historical
hiring data, which has led to a shortage of staffing in key research roles as well as the
rejection of qualified candidates (Varanda et al., 2024). By presenting audit findings and
evidence of delayed hiring outcomes, organizations can demonstrate that the issue
threatens their innovation capacity and competitive position (Waghid, 2022).

The second step involves forming a guiding coalition to redesign and govern the
Al-enhanced screening system, including HR executives, data scientists, Al engineers,
research leaders, and legal and compliance professionals (Waghid, 2022). Through
integrated cross-functional collaboration, Ancon Technologies will strengthen governance
and improve algorithmic oversight by keeping humans involved, while ensuring that a
redesigned recruitment system aligns with workforce needs and the organization's overall
strategy (Papagiannidis et al., 2025; Appelbaum et al., 2012).

Digital Transformation Theory

The Digital Transformation Theory provides a valuable framework for Ancon
Technologies to address the challenges associated with its Al-driven recruitment system
(McLaughlin, 2025). As market conditions evolve, organizations use digital technologies
to redesign operations, business models, and value creation processes (Alojail & Khan,
2023) Research indicates that digital transformation involves more than simply adopting
new technologies; it also requires aligning innovation with organizational culture,
strategy, and structure (Krishnan et al., 2024). In the case of Ancon Technologies, the
recruitment problem stemmed from a technological solution that was misaligned with
workforce needs, governance structures, and hiring strategies (Brokaw, 2025). Applying
Digital Transformation Theory clarifies that successful technology adoption requires
integration of technological capabilities with organizational decision-making processes.
When properly governed and aligned with business goals, artificial intelligence, data
analytics, and automation can significantly improve operational efficiency and support
better strategic decisions (Ghosh et al., 2022; Vaska et al., 2021).

According to Kahveci (2025), by incorporating this framework, Ancon
Technologies will be able to redesign its Al recruitment system to improve algorithm
governance, update training data, and maintain human oversight in candidate evaluation,
thereby improving the efficiency of its recruitment process. As a result of Digital
Transformation Theory, Ancon Technologies can improve its overall performance, while
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hiring better, and support long-term strategic competitiveness through responsible
technology integration (Papagiannidis et al., 2025; Azzam & Beckmann, 2022).

Methods

The aim of this study is to examine the organizational, operational, and ethical challenges
associated with Ancon Technologies' Al-driven applicant screening system through a
qualitative, literature-based case analysis. A qualitative case study approach is appropriate
because it enables an in-depth examination of a complex organizational problem within
its technological and strategic context (Tong et al., 2016). A number of secondary sources
were used to conduct this study, including peer-reviewed journal articles, scholarly books,
and academic literature on digital transformation, artificial intelligence in recruitment,
change management, and ethical governance (Thomas & Harden, 2008). Using existing
research provides a comprehensive understanding of how Al-enhanced technologies
influence organizational decision-making and workforce management (Thomas &
Harden, 2008).

As part of the study, several theoretical frameworks, including the Digital
Transformation Theory and Kotter's Eight-Step Change Model (Kotter, 1996;
Papagiannidis et al., 2022), are used to assess the impact of artificial intelligence systems
on recruitment outcomes, stakeholder trust, and organizational performance while
incorporating a frameworks that helps evaluate the relationship between technology
design, governance practices, and workforce requirements (Thomas & Harden, 2008).
Using both theoretical analysis and the case context, the research identifies the root causes
of the recruitment failure (Thomas & Harden, 2008). To align digital innovation with
responsible governance, improved hiring practices, and long-term organizational strategy,
it is necessary to develop practical recommendations aligned with this methodology
(Bodenstein & Kemmerling, 2026).

Recommendations

To ensure that the new Al-enhanced technology aligns with the overarching organization's
strategy, ethical governance, and workforce needs, Ancon Technologies should redesign its
Al-driven recruitment systems using Kotter's Eight-Step Change Model to ensure that the
system is aligned with the company's strategy, ethical governance, and workforce needs
(Papagiannidis et al., 2021). Although AI has the potential to improve efficiency and
decision-making, its success depends on leadership support, transparent governance, and
meaningful human oversight (Dwivedi et al., 2021; Kraus et al., 2021).

Following Kotter's framework, leadership should first create a sense of urgency by
communicating how the current system excludes qualified candidates and slows innovation.
Next, the organization should build a guiding coalition comprising HR leaders, Al
engineers, compliance officers, and research managers to oversee the system redesign
(Kotter, 1996). For the ethical use of artificial intelligence in hiring to be effective, a
coalition must be formed to develop and communicate a vision that goes beyond the narrow
use of keywords to encompass interdisciplinary expertise, transferable biotechnology skills,
as well as a strategic vision for its ethical use (Dwivedi et al., 2021; Kraus et al., 2021).

It is suggested that, during implementation, Ancon should remove barriers by
retraining the algorithm with diverse datasets, granting hiring managers greater authority to
review algorithms, and establishing governance policies for algorithm monitoring (Batool et
al., 2023; Papagiannidis et al., 2025). The importance of early improvements in the hiring
process lies in their ability to have an immediate impact on an organization's confidence,
including identifying overlooked candidates and reducing time-to-hire (Papagiannidis et al.,
2022).
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With continuous algorithm audits, updated training data, and collaboration between
HR and data scientists, acceleration can be sustained. Furthermore, responsible Al
governance needs to be embedded in organizational culture to ensure transparency,
accountability, and human oversight in recruitment policies (Papagiannidis et al., 2021). By
applying Kotter's Eight-Step Change Model, Ancon Technologies can systematically
address the organizational and technological challenges affecting its Al-driven recruitment
system. Using the framework, you can identify the causes of the problem, engage key
stakeholders, and implement technology improvements that align with business objectives.
By creating urgency, building a coalition, and developing a clear strategic vision, leadership
can ensure that the redesigned Al system supports broader talent-acquisition objectives.

In addition, the model emphasizes continuous evaluation, communication, and the
removal of barriers that prevent effective implementation. This process can give the
organization the opportunity to redesign the algorithm, incorporate broader evaluation
criteria, and ensure that hiring decisions align with human standards, thereby enhancing the
organization's hiring process. As a result, applying Kotter's model can improve hiring
accuracy, restore confidence among hiring managers and job applicants, and strengthen
governance practices surrounding Al use. Ancon Technologies' goal should be to rebuild
trust in Al-assisted recruitment by using this structured change framework while supporting
sustainable and responsible digital transformation initiatives (Papagiannidis et al., 2025).

Conclusion

There is no doubt that digital transformation is a powerful tool for improving an
organization's performance. However, the Ancon Technologies case illustrates the risks
associated with poorly governed artificial intelligence systems, which can undermine
organizational objectives when technology is not aligned with organizational needs
(Dwivedi et al., 2021; Kraus et al., 2021). According to Devianto (2022), its Al-driven
applicant screening system, which relies on keyword matching and biased training data,
may have unintentionally excluded qualified applicants.

In light of these issues, Ancon Technologies was unable to recruit candidates for
critical research roles, severely limiting its ability to compete for specialized talent. For Al-
enabled technologies to be successfully implemented, more than advanced technology
alone is required, as research emphasizes the importance of strategic alignment, ethical
governance, and human oversight to ensure a fair and effective decision-making process
(Dwivedi et al., 2021).

To address Ancon Technologies' challenge, Kotter's Eight-Step Change Model and
the Strategic Alignment Model can be applied. By engaging leaders, communicating
effectively, and continuously evaluating, Ancon Technologies will show how technological
misalignment can be corrected and outcomes improved (Kotter, 1996). With the addition of
Al-enhanced capabilities and responsible governance, Ancon Technologies will be able to
enhance its recruitment effectiveness, maintain stakeholder trust, and support sustainable
innovations in technology-driven industries, thereby improving the efficiency of its
recruitment process (Romeo & Lacko, 2026).

References

Abou-Moghli, A. (2025). The role of strategic alignment and resource availability in boosting the digital
capabilities of Jordanian insurance companies. Insurance Markets and Companies, 16(1), 74-89.
https://doi.org/10.21511/ins.16(1).2025.07

Akter, S., Dwivedi, Y. K., Sajib, S., Biswas, K., Bandara, R. J., & Michael, K. (2022). Algorithmic bias in
machine learning-based marketing models. Journal of Business Research, 144, 201-216.

Al-Surmi, A., Bashiri, M., & Koliousis, L. (2022). Al-based decision making: combining strategies to improve
operational performance. International Journal of Production Research, 60(14), 4464-4486. analytics:
Risks, opportunities and recommendations. Personnel Review, 51(3),

402


https://doi.org/10.21511/ins.16(1).2025.07

JONES: Ancon Technologies Case

Albert, E. T. (2019). Al in talent acquisition: a review of Al-applications used in recruitment and selection.
Strategic HR review, 18(5), 215-221.

Alojail, M., & Khan, S. B. (2023). Impact of digital transformation toward sustainable development.
Sustainability, 15(20), 14697.

Alshahrani, S. T., Choukir, J., Albelali, S., & AlShalhoob, A. A. (2025). Perceptions of the impact of Al on
human resource management practices among human resource managers working in the chemical
industry in Saudi Arabia. Sustainability, 17(13), 5815.

Appelbaum, S. H., Habashy, S., Malo, J.-L., & Shafig, H. (2012). Back to the future: revisiting Kotter’s 1996
change model. The Jowrnal of  Management  Development, 31(8), 764-782.
https://doi.org/10.1108/02621711211253231

Aristo, B. (2025). Technological Trajectories in Indonesian Supply Chains: A Systematic Synthesis and Multi-
Level Strategic Alignment Framework. Available at SSRN 5885402.

Atianashie, M., Kuffour, M. K., Kyiewu, B., & Serwaa, P. (2025). Responsible Al for Al Sustainable Future:
Governance, Ethics, and The Reality Behind the Promise. Journal of Information Technology,
Cybersecurity, and Artificial Intelligence, 2(2), 1-19.

Audretsch, D. B., & Belitski, M. (2022). A strategic alignment framework for the entrepreneurial university.
Industry and Innovation, 29(2), 285-309.

Azzam, M., & Beckmann, R. (2022). How Al helps to increase organizations’ capacity to manage complexity—
A research perspective and solution approach bridging different disciplines. IEEE Transactions on
Engineering Management, 71,2324-2337.

Bantz, K. (2025). Facilitating ERP Changes: Change Management Recommendations for Success.

Baslyman, M. (2022). Digital transformation from the industry perspective: definitions, goals, conceptual
model, and processes. IEEE Access, 10, 42961-42970.

Batool, A., Zowghi, D., & Bano, M. (2023). Responsible Al governance: a systematic literature review. arXiv
preprint arXiv:2401.10896.

Baumann, O., & Wu, B. (2023). Managerial hierarchy in Al-driven organizations. Journal of Organization
Design, 12(1), 1-5.

Baumgartner, M., Horvat, D., Kinkel, S., & Kick, E. (2024). Key competences for the adoption of Al-based
innovations in organizations. International Journal of Innovation Management, 28(09n10), 2440002.

Bell, A. L. (2023). EQ & OC: The Impact of K-12 Administrators Emotional Intelligence on Sustainable
Organizational Change. ProQuest Dissertations & Theses.

Bhatt, P. (2023). Al adoption in the hiring process—important criteria and extent of Al adoption. foresight,
25(1), 144-163.

BM Institute for Business Value. (2023). Global Al adoption index 2023. IBM Corporation.

Bodenstein, T., & Kemmerling, A. (2026). Taking Stock of Qualitative Methods of Evaluation: A Study of
Practices and Quality Criteria. Evaluation Review, 50(1), 89-115.

Brokaw, L. (2025). Cut Through GenAl Confusion: Eight Definitive Reads. MIT Sloan Management Review
(Online), 2-5.  https://marymountuniv.idm.oclc.org/login?url=https://www.proquest.com/scholarly-
journals/cut-through-genai-confusion-eight-definitive/docview/3274998994/se-2

Carrefio, A. M. (2025). A Critical Review of Kotter’s Change Leadership Model: Relevance, limitations, and
Integration with Contemporary Models. Available at SSRN 6086248.

Chandler, S. B., Gayosso, A., Lawton, A., & Holness-Roland, A. (2025). ABC Pharmaceutical Company
Change Model: Implementing JP Kotter's 8-Step and ADKAR Change Models for Ethical Alignment.
The Scholarship Without Borders Journal, 4(1), 1.

Chen, Z. (2023). Ethics and discrimination in artificial intelligence-enabled recruitment. Humanities and Social
Sciences Communications,

Chen, Z., Zhang, H., Lu, C., & Wang, Y. (2023). Ethics and discrimination in artificial intelligence-enabled
recruitment practices. Humanities and Social Sciences Communications, 10, Atticle 567.

Deepa, R., Sekar, S., Malik, A., Kumar, J., & Attri, R. (2024). Impact of Al-focused technologies on social and
technical competencies for HR managers—A systematic review and research agenda. Technological
Forecasting and Social Change, 202, 123301.

Devianto, H. (2022). The advantages of artificial intelligence in operational decision making. Hasanuddin
Economics and Business Review, 24-36.

Enes, K. (2024). Can digital transformation or metamorphosis alleviate staff shortages? Worldwide Hospitality
and Tourism Themes, 16(5), 627-633.

Ghonim, M. A., Khashaba, N. M., Al-Najaar, H. M., & Khashan, M. A. (2022). Strategic alignment and its
impact on decision effectiveness: a comprehensive model. International Journal of Emerging Markets,
17(1),198-218.

Ghosh, S., Hughes, M., Hodgkinson, 1., & Hughes, P. (2022). Digital transformation of industrial businesses: A
dynamic capability approach. Technovation, 113, 102414.

Gianni, R., Lehtinen, S., & Nieminen, M. (2022). Governance of responsible Al: From ethical guidelines to
cooperative policies. Frontiers in Computer Science, 4, 8734377.

403



RAIS Journal for Social Sciences | Vol. 10, No. 1, 2026

Halim, H., Kesuma, T. M., & Siregar, M. R. (2023). Digital transformation strategy to optimize company
performance. Journal Manajemen Bisnis, Akuntansi Dan Keuangan, 2(2), 189-200.

Henderson, J. C., & Venkatraman, H. (1999). Strategic alignment: Leveraging information technology for
transforming organizations.

Holzinger, A., Zatloukal, K., & Miiller, H. (2025). Is human oversight to Al systems still possible?. New
Biotechnology, 85, 59-62.

Huang, C., Zhang, Z., Mao, B., & Yao, X. (2022). An overview of artificial intelligence ethics. /EEE
transactions on artificial intelligence, 4(4), 799-819.

Kahveci, E. (2025). Digital Transformation in SMEs: Enablers, Interconnections, and a Framework for
Sustainable Competitive Advantage. Administrative Sciences, 15(3), 107.
https://doi.org/10.3390/admscil 5030107

Kotter, J. P. (1996). Leading change. Harvard Business Review Press.

Kraus, S., Jones, P., Kailer, N., Weinmann, A., Chaparro-Banegas, N., & Roig-Tierno, N. (2021). Digital
transformation: An overview of the current state of the art of research. Sage Open, 11(3),
21582440211047576.

Krishnan, L. R. K., Praveen, K., Poorani, S. (2024). Artificial Intelligence in Human Resource Management:
Enhancing Efficiency & Transforming Employee Experience. Indian Journal of Industrial Relations,
59(4), 589—-605.

Lu, Q., Zhu, L., Xu, X., Whittle, J., Zowghi, D., & Jacquet, A. (2024). Responsible Al pattern catalogue: A
collection of best practices for Al governance and engineering. ACM Computing Surveys, 56(7), 1-35.

Mabhabub, S., Hossain, M. R., & Snigdha, E. Z. (2025). Data-driven decision-making and strategic leadership:
Al-powered business operations for competitive advantage and sustainable growth. Journal of
Computer Science and Technology Studies, 7(1), 326-336.

Mancini, L. A. (2023). The Role of Change Management in Corporate Digitalization: The Relevance of
Kotter’s Eight-step Change Model Within It/digitalization Projects. ProQuest Dissertations & Theses.

McLaughlin, L. (2025). 10 Urgent Al Takeaways for Leaders. MIT Sloan Management Review (Online),, 1-4.
https://marymountuniv.idm.oclc.org/login?url=https://www.proquest.com/scholarly-journals/10-urgent-
ai-takeaways-leaders/docview/3206296276/se-2

Mujtaba, D. F., & Mahapatra, N. R. (2024). Fairness in Al-driven recruitment: Challenges, metrics, methods,
and future directions. arXiv preprint arXiv:2405.19699.

Mukwenda, H. (2022). Kotter’s Eight-Step Change Process Model and Students’ Attitudes towards Fees
Payment Policies in Public Universities in Uganda. Journal of Science and Sustainable Development,
(1), 1-13.

Oh, K., Kho, H., Choi, Y., & Lee, S. (2022). Determinants for successful digital transformation. Sustainability,
14(3), 1215.

Olan, F., Arakpogun, E. O., Suklan, J., Nakpodia, F., Damij, N., & Jayawickrama, U. (2022). Artificial
intelligence and knowledge sharing: Contributing factors to organizational performance. Journal of
Business Research, 145, 605-615.

Papagiannidis, E., Mikalef, P., & Conboy, K. (2025). Responsible artificial intelligence governance: A review
and research framework. The Journal of Strategic Information Systems, 34(2), 101885.

Porlezza, C. (2023). Promoting responsible Al: A European perspective on the governance of artificial
intelligence in media and journalism. Communications, 48(3), 370-394.

Prasanth, A., Densy, J. V., Surendran, P., & Bindhya, T. (2023). Role of artificial intelligence and business
decision making. International Journal of Advanced Computer Science and Applications, 14(6).

Qiao, G., Li, Y., & Hong, A. (2024). The strategic role of digital transformation: Leveraging digital leadership
to enhance employee performance and organizational commitment in the digital era. Systems, 12(11),
457.

Romeo, E., & Lacko, J. (2026). Adoption and integration of Al in organizations: a systematic review of
challenges and drivers towards future directions of research. Kybernetes, 55(3), 1286-1307.

Rubio-Andrés, M., Linuesa-Langreo, J., Gutiérrez-Broncano, S., & Sastre-Castillo, M. A. (2025). Tackling
digital transformation strategy: how it affects firm innovation and organizational effectiveness. The
Journal of Technology Transfer, 50(5), 1893-1918.

Seijts, G. H., & Gandz, J. (2018). Transformational change and leader character. Business Horizons, 61(2),
239-249. https://doi.org/10.1016/j.bushor.2017.11.005

Shah, G. M., Memon, N. A., Tunio, G., & Joyo, A. S. (2023). Revamping higher education: Unleashing the
power of John Kotter's eight-step change model for enhanced performance. Russian Law Journal,
11(5), 613-623.

Thomas, J., & Harden, A. (2008). Methods for the thematic synthesis of qualitative research in systematic
reviews. BMC Medical Research Methodology, 8(1), 45.

Tong, A., Palmer, S., Craig, J. C., & Strippoli, G. F. (2016). A guide to reading and using systematic reviews of
qualitative research. Nephrology Dialysis Transplantation, 31(6), 897-903. transformation in
healthcare: Analyzing the current state-of-research.

404


https://doi.org/10.1016/j.bushor.2017.11.005

JONES: Ancon Technologies Case

Tursunbayeva A, Pagliari C, Di Lauro S, Antonelli G (2022), "The ethics of people analytics: risks,
opportunities and recommendations". Personnel Review, Vol. 51 No. 3 pp. 900-921,
doi: https://doi.org/10.1108/PR-12-2019-0680

Tursunbayeva, A. (2024). Attificial Intelligence and the Future of Human Resource Management Work. In
Augmenting Human Resource Management with Artificial Intelligence: Towards an Inclusive,
Sustainable, and Responsible Future (pp. 127-137). Cham: Springer Nature Switzerland.

Tursunbayeva, A., Fernandez, V., Gallardo-Gallardo, E., & Moschera, L. (2025). Artificial intelligence and
digital data in recruitment. Exploring business and engineering candidates’ perceptions of
organizational attractiveness. European Management Journal.

Tursunbayeva, A., Pagliari, C., Di Lauro, S., & Antonelli, G. (2022). The ethics of people analytics: risks,
opportunities and recommendations. Personnel Review, 51(3), 900-921.

Valaskova, K., Nagy, M., & Juracka, D. (2025). Digital transformation and financial performance: an empirical
analysis of strategic alignment in the digital age. Journal of Enterprising Communities: People and
Places in the Global Economy, 19(5), 1178-1205.

Varanda, P. A. G,, Silva, G. T. R. da, Amestoy, S. C., Backes, V. M. S., Lanzoni, G. M. de M., Umpiérrez, A.
F., & Silva, N. S. B. da. (2024). Nurses’ perceptions of leadership in Brazilian hospitals during COVID-
19 through Kotter’s conception. Revista Latino-Americana de Enfermagem, 32, e4281.
https://doi.org/10.1590/1518-8345.7151.4281

Vaska, S., Massaro, M., Bagarotto, E. M., & Dal Mas, F. (2021). The digital transformation of business model
innovation: A structured literature review. Frontiers in psychology, 11, 539363.

Verhoef, P. C., Broekhuizen, T., Bart, Y., Bhattacharya, A., Dong, J. Q., Fabian, N.,Waghid, F. (2023). Crisis,
Changed Leadership, Change Management and Educational Technology. South African Journal of
Higher Education, 37(4), 1-19. https://doi.org/10.20853/37-4-6011

Xue, L., & Pang, Z. (2022). Ethical governance of artificial intelligence: An integrated analytical framework.
Journal of Digital Economy, 1(1), 44-52.

Bagkarada, S.(2014). Qualitative case studies guidelines. The Qualitative Report, 19(40), 1-25.

405


https://doi.org/10.1108/PR-12-2019-0680

	Introduction
	Key Concepts
	Context and Research Focus
	Background
	Problem Statement
	Purpose and Significance Statement
	Literature review
	The Goal of Digital Transformation
	Impact on the prospective candidate
	Impact on the Hiring Manager
	Impact on the Organization
	Strategic Planning Model
	Problem-Solving Model Application
	Digital Transformation Theory
	Methods
	Recommendations
	Conclusion
	References

